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This paper studies the supply of and demand formoral values in recent
US presidential elections. Using a combination of large-scale survey data
and text analyses, I find support for the hypothesis that both voters and
politicians exhibit heterogeneity in their emphasis on universalist rela-
tive to communalmoral values and that politicians’ vote shares partly re-
flect the extent to which their moral appeal matches the values of the
electorate.Over the last decade, Americans’ values have become increas-
ingly communal—especially in rural areas—which generated increased
moral polarization and is associated with changes in voting patterns
across space.

A fewmoments later, the President said, “I need loyalty, I ex-
pect loyalty.” ( James B. Comey, testimony before the Senate
Select Committee on Intelligence, June 8, 2017)

This cultural tradition comes with . . . an intense sense of loy-
alty, a fierce dedication to family and country. ( J. D. Vance
2016)
I. Introduction
In an effort to better understand voting behavior, this paper introduces a
core aspect of modern moral psychology into the study of political econ-
omy. Recently, the psychologist Haidt (2007, 2012) and his collaborators
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popularized a very influential positive framework of morality—that is, of
people’s beliefs about what is “right” and “wrong.”This framework, known
asMoral FoundationsTheory (MFT), is centeredon thebasic empirical fact
that individuals exhibit strong heterogeneity in the types of values they em-
phasize. On the one hand, people assign moral relevance to concepts that
pervade normative analyses of morality, including individual rights, jus-
tice, impartial fairness, and avoidance of externalities. Such “universalist”
values have the key characteristic that they apply irrespective of the con-
text or identity of the people involved. On the other hand, people also
assign moral meaning to “communal” or “particularist” concepts, such as
community, loyalty, betrayal, respect, and tradition. These values differ from
universalist ones in that they are tied to certain relationships or groups. For
example, one core trade-off that characterizes these different values is that
between an ethic of universal human concern versus loyalty to the local com-
munity. The basic distinction between a universalist and a particularist mo-
rality has been at the center of philosophical debates for decades (e.g., Rawls
1971, 2005; Sandel 1998) and is the subject of much psychological and
evolutionary research (Haidt 2007; Henrich et al. 2010; Norenzayan 2013;
Greene 2014; Hofmann et al. 2014; Graham et al. 2017).
There are strong reasons to hypothesize that heterogeneity inmoral val-

ues may help us understand the outcomes of elections. Political theorists
have long argued that past US presidential nominees have lost elections
because they failed to appeal to voters’ communal moral values (Sandel
2005). In addition, a rich body of sociological work forcefully argues that
many, particularly those forming the white rural working class, are deeply
concerned about a “moral decline,” in particular as it relates to the loyal-
ties and interpersonal obligations that characterize the social fabric ofmany
local communities (e.g., Etzioni 1994; Wuthnow 2018). Yet even though
psychologists have documented that communal values aremore prevalent
among conservatives (Graham,Haidt, andNosek 2009) and that differences
in deep beliefs about right and wrong induce strong emotional reac-
tions, heterogeneity in the internal structure of moral values has received
scant attention in political economy and economics more generally.
This paper formally studies the hypothesis that voting decisions partly

reflect the match between voters’ and politicians’moral values. To this ef-
fect, the paper proposes amethodology for jointly studying the supply and
demand sides ofmorality in voting contexts. Here “supply side”means the
helpful comments from seminar audiences at Berkeley, Carnegie Mellon University, Har-
vard,Max Planck Institute Bonn, Stanford, the 2018 National Bureau of Economic Research
Political Economy Summer Institute, the 2018 Behavioral Economics Annual Meeting, the
2018 Early-Career Behavioral Economics Bergen Conference, and the 2019 Pompeu Fabra
University Conference on the Political Economy of Development and Conflict. Joe Kidson,
WilliamMurdock, and Patricia Sun provided outstanding research assistance. Financial sup-
port from Harvard’s Lab for Economic Applications and Policy is gratefully acknowledged.
Data are provided as supplementary material online.
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idea that politicians might supply different degrees of universalism. “De-
mand side,” on the other hand, refers to the notion that people may vote
for candidates or political parties that appeal to their own moral values.
The analysis is structured by a simple formal framework of voting that

rests on the assumption that voters aim to minimize the distance between
their own moral type and the weighted average type of the candidate and
their party. This is similar in spirit to other political economymodels (Pers-
son and Tabellini 2016), except that it substitutes moral values for policy
platforms. The formal framework makes both cross-sectional and time-
series predictions about how the relationship between moral values and
voting should vary as a function of the moral types of political candidates
and their parties. To test the resulting predictions, the paper estimates the
moral types of political actors and then analyzes whether voters indeed
vote for those candidates and parties that are close to them inmoral terms.
In doing so, the entire paper is descriptive in nature and presents various
different types of (conditional) correlations.
Because both politicians’ and voters’ moral types are latent, I estimate

themusing the analytical tools behindMFT: theMoral FoundationsQues-
tionnaire (MFQ) and theMoral FoundationsDictionary (MFD). TheMFQ
is a psychological questionnaire that comprises various Likert scale ques-
tions. Here the subjective importance of universalist moral concepts is elic-
ited through questions that assess the extent to which “treating people
equally,” “caring for theweak,”or “denying rights,” amongothers, aremor-
ally relevant.Communal concepts, on theotherhand, aremeasured through
the moral relevance of concepts such as “a lack of loyalty,” “betraying the
group,” or “a lack of respect for authority.” The MFD, developed by psy-
chologists in 2009, consists of a set of corresponding keywords that can
be associated with a communal or universalist morality and hence allows
one to estimate politicians’ moral types using simple text analyses.
Onboth thedemand side and the supply side, the keymeasure I develop

is a one-dimensional summary statistic of morality, the relative impor-
tance of universalist versus communal moral values. This index does not
capture variation in who is “more moral” but, rather, heterogeneity in
the types of values that people emphasize. To derive this measure, I imple-
ment a tailored nationally representative survey that includes theMFQ. In
line with how psychologists think about the structure of morality, the dif-
ference betweenuniversalist and communal values endogenously emerges
in a principal component analysis of the moral dimensions in the MFQ.
This simple difference has two intuitively appealing properties: (i) it is
strongly predictive of easily interpretable economic behaviors, such as the
extent to which people donate money or volunteer time to nationwide
charities relative to their local communities, and (ii) it is weakly—if
at all—correlated with traditional variables, such as income, education,
or altruism.
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To determine politicians’ moral types, I conduct text analyses. First, to
classify the “average” Republican and Democrat, I study moral rhetoric in
speeches given in theUSCongress betweenWorldWar II and 2016. Based
on the MFD, I conduct a transparent exercise of counting relative word
frequencies to generate a summary statistic of the relative frequency of
universalist over communal moral rhetoric. The results document that,
starting in the 1960s, Republicans andDemocrats polarized in theirmoral
appeal: for more than 30 years, Democrats increasingly placed a stronger
emphasis on universalist moral concepts, a trend that was considerably
weaker among Republicans. Thus, today the Democratic party has a sub-
stantially more universalist profile than the Republican party.
These cross-party differences set the stage for an analysis of individual

candidates. Donald Trump provides a particularly attractive first step for
this investigation both because he turns out to be an outlier in his moral
rhetoric relative to past nominees and because several features of the
demand-side data—explained in greater detail below—enable more so-
phisticated analyses for 2016 than for prior elections.
The supply-side analysis compares themoral content of Trump’s speeches

and texts with that of all other contenders for the presidency since 2008.
For this purpose, I make use of a data set of almost 17,000 campaign doc-
uments that was gathered by the American Presidency Project (APP). The
results document thatTrump’smoral language is less universalist (or equiv-
alently, more communal) than that of any other presidential nominee in
recent history. Trump is also more communal than his 2016 primary con-
tenders. Moreover, the difference in moral appeal between Trump and
Hillary Clinton is particularly pronounced, also relative to earlier candi-
date pairs. Viewed through the lens of the simple formal framework, these
results from the text analysis deliver the prediction that the relative im-
portance that voters place on universalist values should be negatively cor-
related with voting for Trump in three different comparison sets: (i) rela-
tive to Clinton in the 2016 general election, (ii) relative to Romney and
McCain in earlier general elections, and (iii) relative to other competitors
in the GOP primaries.
I implement apreregisterednationally representative survey (N ≈ 4,000)

to test these predictions. In the survey data, the relative importance of uni-
versalist moral values is strongly negatively correlated with (i) the proba-
bility of voting for Trump in the general election; (ii) the difference between
the propensity to vote for Trump in 2016 and that for Romney or McCain
in 2012 and 2008, respectively; and (iii) voting for Trump in the Republi-
can primaries. For example, a 1 standard deviation increase in moral uni-
versalism is associated with a decrease in the probability of voting for
Trump in the primaries of 10 percentage points. When I separately con-
sider the level of universalist and communal values as explanatory vari-
ables (rather than their difference as summary statistics), the results show
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that voting for Trump is always negatively correlated with universalist and
positively correlated with communal moral values.
I benchmark these results against more traditional variables that are

correlated with voting for Republicans versus Democrats, such as income,
religiosity, population density, and education or attitudes about the size
of government, proenvironmentalism, crime policies, and gun control. In
these analyses, moral values explain a larger fraction of the variation in
voting than any of the other variables, particularly in within-party analyses.
In addition, all individual-level results also hold when I restrict attention
to within-state or even within-county variation and when I condition on a
rich set of observables.
While the individual-level analysis has the benefit of featuring a repre-

sentative sample and a rich set of covariates, it is ill suited to investigating
the joint relationship between the supply of and demand for morality in
the full sample of candidates who have competed in the primaries since
2008. This is because many candidates receive such small vote shares that
gathering a sufficiently powered survey data set on voters for each candi-
date is highly impractical. To circumvent this problem, the analysis ex-
ploits variation in politicians’ vote shares across counties in combination
with a county-level index of moral values. Constructing such an index
requires a large number of underlying individual-level observations on
moral values. Since 2008, almost 280,000 US residents have completed the
MFQon thewebsite YourMorals.org (http://www.yourmorals.org).While
this self-selected set of respondents is not representative of a county’s pop-
ulation, the large number of respondents allows me to compute a mean-
ingful county-level index of moral values that is constructed in the same
manner as in the individual-level analysis.
Across counties, the relative importance of universalist versus commu-

nal values is again strongly negatively correlated with Trump’s vote shares
(i) in the primaries, (ii) in the presidential election, and (iii) in terms of
the difference relative to past Republican candidates in the general elec-
tion. These results all hold when I exploit variation across counties within
commuting zones. In addition, the correlations hold up when controlling
for county-level observables, including local income,unemployment, pop-
ulation density, religiosity, or an index of racism. Finally, the analysis doc-
uments that the relationship between moral values and voting for Trump
is not driven by priming effects from Trump’s language: when contempo-
rary county-level moral values are instrumented with moral values from a
period when Trump was not even politically active, moral values are still
strongly related to Trump’s vote share.
In summary, both individual- and county-level analyses confirm the pre-

dictions of the text analysis regarding Trump. The final part of the paper
generalizes the analysis to all candidates in the primaries and general elec-
tions since 2008. By estimating a simple discrete-choice model of voting,
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these analyses link the results of supply- and demand-side regressions in a
way that has a structural interpretation. Loosely speaking, the logic is that,
if a candidate in a given race is relatively more universalist in their moral
language than their direct competitors, then that candidate’s county-level
vote share should be more positively correlated with the county-level
moral values index.
In the data, supply- and demand-side results match up reasonably well.

To pick a few illustrative examples, in the general elections, the difference
in universalistmoral appeal is larger betweenObama andRomney in 2012
than between Obama and McCain in 2008, and county-level vote shares
are indeed more strongly related to moral values in 2012 than in 2008.
In the Republican primaries in 2016, Ted Cruz is less universalist than
Marco Rubio and John Kasich, and his county-level vote share is indeed
more negatively correlated with moral universalism. In 2012, Rick Santo-
rum is very communal and his vote share is negatively correlated with uni-
versalist values; opposite patterns hold for Newt Gingrich. In 2008, John
McCain and Ron Paul are both more universalist in their moral rhetoric
than their Republican competitors, and their county-level vote shares are
positively correlated with moral universalism. These results show that the
methodology of connecting supply- and demand-side analyses of morality
developed in this paper may generalize to contexts other than Trump. At
the same time, other patterns in the data do not conform to the predic-
tions of the text analysis. For example, the text analysis shows that Obama
was more communal than Clinton in 2008, yet Obama’s vote share is pos-
itively correlated with universalism.
Up to this point, all analyses treat moral values as fixed. However, county-

level moral values may vary over time, potentially in different ways across
space, either because values genuinely change or because of selective in-
andout-migration. To study this issue and its link to voting patterns, I again
make use of the large-scale longitudinal survey data set from YourMorals
.org. In these data, Americans have become considerably less universalist
in their moral values between 2008 and 2018, akin to the patterns in con-
gressional speeches. This medium-run hike in communal values is visible
for respondents across diverse regions but is especially pronounced in rel-
atively rural areas, hence generating “moral polarization” across space.
To gauge the relationship between changes in values and changes in

voting patterns, I employ difference-in-differences analyses that correlate
differential changes in moral values across counties over time with corre-
sponding changes in local vote shares. In these analyses, counties that be-
came more universalist between 2008 and 2016 also experience signifi-
cantly larger increases in Democratic vote shares. Thus, not only does
the level ofmoral values correlate with the level of vote shares, but changes
in values also correlate with changes in vote shares.
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This paper ties into the empirical literature on the behavioral or social
determinants of voting patterns or preferences for redistribution (Alesina
and Giuliano 2011; Ortoleva and Snowberg 2015; Fisman, Jakiela, and
Kariv 2017; Kuziemko and Washington 2018). Related is also a stream of
recent papers on social identity (Shayo 2009; Grossman and Helpman
2018; Gennaioli andTabellini 2019), the rise of populism (Guiso, Herrera,
and Morelli 2016; Bursztyn, Egorov, and Fiorin 2017; Guiso et al. 2017),
and polarization (Bertrand and Kamenica 2018; Desmet and Wacziarg
2018; Gentzkow, Shapiro, and Taddy 2019), although this literature has
not focused on moral values. Morality has attracted recent interest in the
literature on behavioral economics (e.g., Bursztyn et al. 2019) and cultural
economics (Greif and Tabellini 2017; Enke 2019), yet this work is not
concerned with voting. Relative to all these papers, the key contribution
here is to introduce a core concept of modern moral psychology into po-
litical economy.
Finally, this paper also contributes to the psychological and political sci-

ence literatures by formally investigating the link between moral values
and voting decisions, the manner in which politicians cater to the moral
needs of their constituents, and how these two forces interact in generat-
ing election outcomes.1

The paper proceeds as follows. Sections II and III discuss conceptual
background and measurement. Section IV studies the supply of morality.
Sections V and VI investigate the demand side of the 2016 election. Sec-
tions VII and VIII look at the 2008–16 primaries and general elections.
Section IX concludes.
II. Conceptual Framework
There is a finite set of voters indexed by i ∈ I. In each of two parties p ∈
fD, Rg, there is a finite set of politicians indexed by j ∈ Jp. Denote by vi
the moral type of the voter, by vj the type of the politician, and by �vj
the average type of politicians in j ’s party. Below we will interpret higher
values of v as a stronger emphasis on universalist relative to communal
moral values.
Voter i’s utility from politician j getting elected is

ui,j 5 2lðvi 2 vj ,pj Þ2 1 xihj 1 ei,j , (1)

where

 vj ,pj 5 gvj 1 ð1 2 gÞ�vj : (2)
1 In political science, researchers have linked the 2016 election to concepts including
status loss (Gidron and Hall 2017) and authoritarianism (MacWilliams 2016).
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The voter derives disutility fromhaving a leader (or a leading party) whose
moral framework differs from their own. Here (1 2 g) measures the ex-
tent to which the voter cares not only about the moral type of the candi-
date but also about the average moral framework of the candidate’s po-
litical party. The average moral type of a party can be thought of as the
average type of all politicians in a party in recent history, including those
who do not run in the races that I consider below.
The reduced-form assumption that voters care about a convex combi-

nation of the politician’s and the party’s type has two possible interpreta-
tions. First, this assumption could reflect the idea that voters are aware
that candidates—once elected—are still influenced by demands from
within their party, so that voters care about the “package” of moral frame-
works of both party and candidate. Second, the moral type of a politician
may not be perfectly observable, so that—in the spirit of Bayesian updat-
ing—observing the average type of the politician’s party is informative
about the type of the candidate.
The parameter l > 0 measures the importance of morality in voting,

and xi represents additional individual characteristics that may affect
the utility that i derives from j, such as their economic incentives. I assume
that ei,j is continuously distributed according to the density function f(ei,j)
with support S and E ½ei,j � 5 0 and that ei,j is orthogonal to (vi, vj,p, hj, xi).
I also assume that a voter’s moral type vi and their concerns about other
issues xi are uncorrelated. Likewise, vj and �vj are orthogonal to hj. The
vote vi is given by vi 5 arg maxjui,j .
Expanding the expression above delivers

ui,j 5 2lv2j ,pj 2 lv2i 1 2lvj ,pjvi 1 xihj 1 ei,j , (3)

where 2 lv2i can be omitted because it is a voter-specific constant that
does not affect i’s choice among different candidates. In what follows,
I derive three types of predictions about the relationship between moral
values and voting as a function of the moral types of politicians.
Cross-sectional variation I: general elections.—One politician from each

party competes in the general election. Voter i’s net utility of voting for
candidate k as opposed to l is given by

ui,k 2 ui,l 5 2 lðv2k,pk 2 v2l ,pl Þ
|fflfflfflfflfflfflfflfflfflfflffl{zfflfflfflfflfflfflfflfflfflfflffl}

;ak,l

1 2 lðvk,pk 2 vl ,pl Þ
|fflfflfflfflfflfflfflfflfflfflffl{zfflfflfflfflfflfflfflfflfflfflffl}

;bk,l

vi 1 ð hk 2 hlÞ
|fflfflfflfflfflffl{zfflfflfflfflfflffl}

;dk,l

xi 1 ei,k 2ei,l
|fflfflfflffl{zfflfflfflffl}

;ei,k,l

:

(4)

That is, themoral part of the net utility of candidate k getting elected can
be represented as (i) a constant ak,l that depends on the candidates’ types
but not on vi and (ii) the interaction of the voter’s moral type and the dif-
ference in types of the two candidates bk,l. Thus, the probability that i
votes for k is given by
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Prðui,k > ui,lÞ 5 Prðak,l 1 bk,lvi 1 dk,l xi > ei,k,lÞ: (5)

Throughout, I assume that the distribution of the noise term is such that
the choice probabilities are strictly interior for all voters and candidates.
Now consider two voters, a and b, who are identical in terms of their

nonmoral characteristics (xa 5 xb ; x) yet differ in their moral types
(va > vb). Further suppose that vk > vl ∧ �vk > �vl , meaning that both candi-
date k and their party are more universalist than their counterparts. This
implies that bk,l > 0. It then follows that

Prðua,k > ua,lÞ 5 Prðak,l 1 bk,lva 1 dk,l x > ea,k,lÞ (6)

> Prðak,l 1 bk,lvb 1 dk,l x > eb,k,lÞ 5 Pr ðub,k > ub,lÞ, (7)

because f(e) is continuously distributed and the choice probabilities are
strictly interior. Thus, the more universalist voter a is more likely than
voter b to vote for candidate k.
Observation 1. If vk > vl and �vk > �vl , then the probability of voting

for candidate k is increasing in the relative importance of universalist val-
ues of a voter vi.
Note that this prediction does not imply that, in general elections, the

probability of voting for a universalist candidate is always increasing in
the voter’s universalism vi, even holding constant the voter’s other attri-
butes xi. The reason is that what matters for the voting decision is a con-
vex combination of the politician’s and their party’s type. Below we will
see an example of this: Democrats are on average more universalist than
Republicans, yet McCain was more universalist thanObama. Thus, in the
absence of specific assumptions on the magnitude of g, the framework
does not generate an unambiguous prediction about how people’s
moral values should be correlated with voting for McCain or Obama.
At the same time, the model makes the falsifiable prediction that the prob-
ability of voting for a candidate cannot be increasing in a voter’s type if
both vk < vl and �vk < �vl .
Cross-sectional variation II: primaries.—A finite set of politicians j ∈ J

compete in the primaries. Evidently, in within-party competition, a party’s
averagemoral type drops out of the analysis. For simplicity, this section fo-
cuses on themost and least universalist candidates in a given race. An anal-
ysis of the more general case is relegated to section VII.
Consider candidates k and l such that vk > vj 8 j ≠ k and vl < vj 8 j ≠ l .

The probability that i votes for k is given by the probability that the utility
of voting for k is higher than the utility of voting for any other candidate.
Denote ui,�k 5 arg max  j≠kui,j . We then have

Prðui,k > ui,jÞ  8 j ≠ k 5 Prðui,k > ui,�kÞ 5 Pr ðak,�k 1 bk,�kvi 1 dk,�kxi > ei,k,�kÞ:
(8)
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In words, for each realization of the noise terms, there is a candidate �k
who for voter i delivers the highest utility in the set of candidates J \k. How-
ever, regardless of the identity of �k, by assumption we have bk,�k > 0 because
k is the most universalist candidate. Thus, as exposited in appendix A
(apps. A–I are available online), we can apply an argument analogous
to equations (6) and (7): for two voters who differ in theirmoral types va >
vb but are otherwise identical, it follows that a is more likely than b to vote
for k (again assuming that the choice probabilities are strictly interior and
f(e) is continuously distributed). By an analogous argument, we get for
the least universalist type vl that a is less likely than b to vote for l.
Observation 2. If vk > vj 8 j ≠ k and vl < vj 8 j ≠ k, the probability

of voting for candidate k (l ) is increasing (decreasing) in the relative im-
portance of universalist values of a voter vi.
Time variation in types of nominees.—I now consider within-party varia-

tion in the moral types of the presidential nominees over time. Consider
two general elections in t 5 1 and t 5 2 with candidates k and k0 for
party D and candidates l and l 0 for party R. I will assume that a party’s av-
erage type remains constant over time.
We are interested in the extent to which voter i is more likely to vote

for the candidate of party D in t 5 1 than in t 5 2. Using obvious time
subscripts,

Prðui,k,1 > ui,l ,1Þ 2 Pr ðui,k 0,2 > ui,l 0,2Þ (9)

5 Prðak,l 1 bk,lvi 1 dk,l xi > ei,k,lÞ 2 Prðak 0 ,l 0 1 bk 0,l 0vi 1 dk 0,l 0xi > ei,k 0,l 0 Þ: (10)

Now suppose that vk 2 vl > vk 0 2 vl 0 , so that bk,l > bk 0,l 0 . In words, the dif-
ference in universalism between candidates k and l in t 5 1 is larger than
between candidates k0 and l 0 in t 5 2, such that party D appears unusually
universalist in t 5 1. We now evaluate whether for two voters a and b with
va > vb and xa 5 xb ; x, the more universalist voter a is differentially
more likely to vote for D in t 5 1 than in t 5 2, relative to voter b. This
would be the case if the following holds:

Prðua,k > ua,lÞ 2 Prðua,k 0 > ua,l 0 Þ>
?

Prðub,k > ub,lÞ 2 Pr ðub,k 0 > ub,l 0 Þ: (11)

Define the intervals I1 5 ½ak,l 1 bk,lvb 1 dk,l x, ak,l 1 bk,lva 1 dk,l x� and I2 5
½ak 0 ,l 0 1 bk 0,l 0vb 1 dk 0,l 0x, ak 0,l 0 1 bk 0,l 0va 1 dk 0,l 0x� as well as their union I 5 I1 [
I2. For the inequality to hold, f(e) needs to be distributed such that there
is more probability mass in I1 than in I2. Note that I1 is wider because
bk,l > bk 0,l 0 and va > vb .
Observation 3. Suppose that, at least on I, the distribution of the

noise term satisfies
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sup
e∈I

f ðeÞ
inf
e∈I

f ðeÞ <
bk,l

bk 0,l 0
5

vk 2 vl

vk 0 2 vl 0
: (12)

Then, if vk 2 vl > vk 0 2 vl 0 , the difference in the probability to vote for
candidate k in t 5 1 compared with candidate k0 in t 5 2 is increasing
in the relative importance of universalist values of a voter vi.
A formal derivation can be found in appendix A. Intuitively, this pre-

diction says that—under suitable assumptions—if in t 5 1 the candidate
from party D is more universalist than the candidate from party R relative
to the difference in moral types between candidates in the other elec-
tion, then universalist values should be positively predictive of the differ-
ence between the probability of voting D in t 5 1 and t 5 2.
The sufficient condition on the distribution of the noise term in obser-

vation 3 says that f(e) is locally not “too different” from a uniform distribu-
tion, relative to themagnitude of the cross-candidate differences inmoral
types (note that the uniform distribution always satisfies eq. [12]). Three
remarks are in order. First, this condition is only sufficient. Second, we do
not need this condition to hold globally but only locally on an interval that
is implicitly defined by the relevant choice probabilities. Third, the condi-
tion is weaker the larger the difference in moral types in t 5 1 relative to
t 5 2. In my application, Clinton and Trump will be more than an order
ofmagnitude different fromeach other in terms of theirmoral types than,
for example, Obama and Romney.
In summary, while stylized, this simple framework highlights the need

to study the supply and demand sides of morality in combination. In the
following, I test these predictions by first focusing on the special case of
Donald Trump in the 2016 election. The analysis will proceed in two steps.
First, I estimate politicians’ andparties’ types vj and�vj to derive predictions
about how voters’ moral values should be related to voting behavior
(supply-side analysis). Second, I test these predictions bymeasuring voters’
moral values and relating them to their voting behavior (demand-side
analysis). In section VII, I return to estimating the model more explicitly
by considering all candidates and elections between 2008 and 2016.
III. Moral Values and Their Measurement

A. Moral Foundations Theory
Moral values correspond to people’s deep beliefs about what is right and
wrong. Psychologists think of moral values as being different from prefer-
ences in that preferences over, say, bananas versus apples do not trigger
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the types of strong emotional responses that are associated with morally
relevant concepts (“But this is wrong!”).
To measure the importance of a broad spectrum of values, Haidt and

Joseph (2004) and Graham et al. (2013) developed a new positive frame-
work of morality: MFT. MFT rests on the idea that people’s moral con-
cerns can be partitioned into five “foundations”:

1. Care/harm: measures the extent to which people care for the
weak and attempt to keep others from harm.

2. Fairness/reciprocity: measures the importance of ideas relating to
equality, justice, rights, and autonomy.

3. In-group/loyalty: measures people’s emphasis on being loyal to the
“in-group” (family, country) and the moral relevance of betrayal.

4. Authority/respect: measures the importance of respect for author-
ity, tradition, and societal order.

5. Purity/sanctity: measures the importance of ideas related to purity,
disgust, and traditional religious attitudes.

Crucially, the harm/care and fairness/reciprocity dimensions corre-
spond to universalist moral values. For example, the fairness principle re-
quires that people be fair, not that they be fair only to their neighbors. On
the other hand, in-group/loyalty and authority/respect are tied to cer-
tain groups or relationships. In what follows (as specified in a preregistra-
tion; see below), the fifth foundation is ignored because “divine” values
are not directly related to the distinction between universalist and com-
munal ones.
While there is an active debate in the psychological literature about

the assumption that morality can be partitioned into exactly five founda-
tions, the broad distinction between universalist and communal values is
widely accepted nowadays (for recent applications, see, e.g., Napier and
Luguri 2013; Hofmann et al. 2014; Smith et al. 2014; Hannikainen, Mil-
ler, and Cushman 2017).2

Moral Foundations Questionnaire.—Table 1 presents a stylized version of
the 24 survey items underlying the universalist and communalMFQ foun-
dations. Appendix F contains the questionnaire in its entirety. Eachmoral
foundation is measured through six survey items. Of these, three ask peo-
ple to assess the moral relevance of certain phenomena and behaviors,
while the other three elicit respondents’ agreement withmoral value state-
ments. All questions are to be answered on a Likert scale ranging from zero
2 MFT builds on and is related to other work in psychology, sociology, and philosophy,
such as relational models theory of Fiske (1991) and the qualitative writings of Etzioni (1994)
and Sandel (1998) on communitarianism.
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to five. For each foundation, the score consists of the sum of responses
across questions.
Moral Foundations Dictionary.—The MFD is a set of moral keywords cre-

ated by Graham andHaidt in 2009.3 TheMFD is partly based on the termi-
nology in the MFQ and additionally includes words that the psychologists
intuited would belong to a particular moral category. For each of the four
dimensions harm/care, fairness/reciprocity, in-group/loyalty, and author-
ity/respect, theMFD contains a list of words (often word stems), for a total
of 215 words. The 12 most frequent moral keywords of the 2008–16 pres-
idential candidates are “nation*,” “leader*,” “care,” “unite*,” “secur*,” “fam-
ilies,” “fight*,” “war,” “communit*,” “together,” “family,” and “law”; see
appendix H. Appendix G contains the entire MFD. While some of these
most common words appear to be related to specific policies, including
war and national security, other commonwords—such as “care,” “families,”
“communit*,” “together,” “family,” and “law”—appear less directly linked to
specific policies or national security.
TABLE 1
Overview of MFQ Survey Items

Moral Relevance
(1)

Agreement with Statement
(2)

Harm/care Emotional suffering Compassion with suffering
crucial virtue

Care for weak and vulnerable Hurt defenseless animal is worst
thing

Cruelty Never right to kill human being
Fairness/reciprocity Treat people differently Laws should treat everyone fairly

Act unfairly Justice most important
requirement for society

Deny rights Morally wrong that rich children
inherit a lot

In-group/loyalty Show love for country Proud of country’s history
Betray group Be loyal to family even if done

something wrong
Lack of loyalty Be team player, rather than

express oneself
Authority/respect Lack of respect for authority Children need to learn respect

for authority
Conform to societal traditions Men and women have different

roles in society
Cause disorder Soldiers must obey even if

disagree with order
3 See https://moralf
oundations.org/other-materials.
Note.—Eachmoral foundation is measured using six survey items. The items in col. 1 ask
respondents to state to what extent the respective category is ofmoral relevance for them (on
a scale of 0–5), while the items in col. 2 ask them to indicate their agreement with a given
statement (also 0–5). For eachdimension, thefinal score is computed by summing responses
across items; see app. F for details.
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B. Construction and Validation of Moral Values Index

1. Derivation of Index
I derived and validated a summary statistic of moral values through a tai-
lored, nationally representative preregistered internet survey ofN 5 4,011
Americans through Research Now.4 This survey also forms the basis of the
individual-level demand-side analysis below. The data-collection proce-
dure and sample characteristics are described in detail in section V. The
survey contained all MFQ survey items.
I construct a summary statistic of the relative importance of universalist

versus communalmoral values as the simple difference between universal-
ist and communal values:

Relative importance of  universalist values

5 Universalist values 2 Communal values

5 Care 1 Fairness 2 In-group 2 Authority:

(13)

By construction of the MFQ foundations, this summary statistic amounts
to summing responses to all universalist questions and then subtracting
responses to all communal questions (all questions are coded such that
higher values indicate stronger agreement).
The summary statistic is validated in two ways. First, I document that a

principal component analysis of the four MFQ foundations gives rise to a
first eigenvector that very closely resembles the simple summary statistic.
Specifically, harm/care and fairness/reciprocity enter with positive weights
(0.50 and 0.53, respectively), while in-group/loyalty and authority/respect
enter with negative weights (20.53 and 20.44, respectively).5

Second, the summary statistic of morality is validated by correlating it
withmeasures that aremore closely related to how economistsmight think
about trading off the welfare of all individuals in society and exhibiting
4 See http://egap.org/registration/2849 for the preregistration.
5 To conduct the principal component analysis, the data were first normalized across re-

spondents by dividing each of the four MFQ foundations by the sum of all four foundations,
since the research hypothesis is not about heterogeneity in the level of morality but instead
concerns the relative nature of those values. The first eigenvector explains 55% of the vari-
ance in theoriginalMFQfoundations, and it is theonly component with an eigenvalue that is
larger than one (2.19). The preregistration specified that the moral values index would be
constructed by applying the weights that emerge from the same principal component anal-
ysis as described in the text, yet applied to (an outdated version of) the MFQ data set from
YourMorals.org that forms the basis of the county-level analysis. However, for the sake of sim-
plicity, I settled for a summary statistic with uniform weights, which was specified in the pre-
registration as a robustness check. In practical terms, this makes virtually no difference be-
cause the prespecified weights, in order of appearance in the text, are 0.58, 0.35, 20.52,
and20.52, respectively, andhence very similar to uniformweights. All results from the survey
are robust to using thepreregistered index ofmoral values; see online table 5 (app.D; online
tables 1–34 are available online).
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loyalty to the local community. The survey contained a set of four prereg-
istered measures. Appendix I describes the underlying survey items in
detail: (i) the decision in a money allocation task in which respondents
were asked to split the hypothetical sum of $99 between United Way
Worldwide and local firefighters, (ii) the difference between self-reported
monetary donations to more “global” entities (nonprofit organizations
such as Feeding America or United Way Worldwide) and to local enti-
ties (churches, firefighters, local libraries, etc.) over the past 12 months,
(iii) the difference between hours volunteered to global and local entities
over the last month, and (iv) the extent to which people prefer that taxes
for schools be collected and redistributed at the federal level as opposed to
taxes being collected locally and redistributed only among local schools.
Online table 4 (app. D) documents that all of these measures are

strongly and significantly correlated with the relative importance of uni-
versalist moral values, also conditional on a rich set of covariates. That
is, people with stronger universalist versus communal values allocatemore
money to United Way Worldwide, donate and volunteer more to global
charities, and favor taxation and redistribution at the federal level. In-
deed, the structure of moral values is much more predictive of these atti-
tudes and behaviors than either income or education.
2. County-Level Variation
In 2008, Haidt and his collaborators uploaded the MFQ on YourMorals
.org for all visitors to complete. Presumably because of extensive media
coverage and because the online tool provides individualized feedback on
how respondents’moral values compare to those of others, traffic has re-
mainedhigh ever since. I received access to individual-level responses from
August 2008 through April 2018.
I construct the same individual-level index of the relative importance

of universalist moral values as above. To generate a county-level variable,
I aggregate thedata bymatching respondents’ZIP codes to counties using
the Housing and Urban Development US Postal Service ZIP Code Cross-
walk Files.6 In total, I was able to match 277,060 respondents to 2,933
counties. The sample is neither randomnor representative of theUS pop-
ulation. The average age of respondents is 34.0, 46.2% are female, and
only 9.5% have not entered college.
The number of observations within a given county exhibits significant

variation: the median number of respondents is 17, with an average of 95
6 SomeZIP codes intersect withmultiple counties. In such cases, I duplicate respondents q
times, where q is the number of counties that respondents could potentially live in. When I
aggregate the data, each respondent is weighted by 1=q, so that in total each respondent re-
ceives a weight of one.
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and a maximum of 6,531. Given that the moral values of a small number
of people are only a very noisy proxy for a county’s true average moral
values, I undertake two steps to reduce measurement error and resulting
attenuation bias. First, I exclude all counties with fewer than five respon-
dents, which leaves me with 2,263 counties. Second, I apply techniques
from the recent social mobility literature (Chetty andHendren 2016) and
shrink county-level moral values to the sample mean by its signal-to-noise
ratio. Specifically, I first standardize county-levelmoral values into a z-score.
Then, the shrunk moral values of county c, vsc , are computed as a convex
combination of observed average moral values in county c, vc, and the
mean �v of the county sample averages:

vsc 5 wcvc 1 ð1 2 wcÞ�v, (14)

where the county-specific weights are given by

wc 5
Var ðvcÞ 2 E ½se2c �

Var ðvcÞ 2 E ½se2c � 1 se2c
: (15)

Here Var(vc) is the variance of the county means and sec the standard
error of v in county c. This shrinkage procedure has a Bayesian interpre-
tation according to which observations with high noise (e.g., due to small
N) are shrunk further toward the sample average. Figure 1 shows that
moral values (standardized into a z-score) exhibit considerable heteroge-
neity across space, including within relatively narrow geographic regions.
3. Stability and Correlates of Moral Values
Psychologists argue that moral values are deeply ingrained and relatively
stable beliefs about what is right and wrong. Of course, this does not pre-
clude the fact that values change over time to some extent. There are two
types of evidence to support the assumption that moral values as mea-
sured by the MFQ contain a temporally stable signal. First, Graham et al.
(2011) report that the average test-retest correlation of the MFQ foun-
dations over the course of a month is r 5 0:73. A test-retest correlation
of r 5 0:73 compares favorably with test-retest correlations for risk-aversion
measures in economics lab experiments reported by Cesarini et al. (2009),
which range between 0.48 and 0.67.
A second piece of evidence for stability of moral values stems from not-

ing that the county-level variation depicted in figure 1 appears to be tem-
porally relatively stable: as I document in online figure 2 (all online figures
are available in app. B), county-level values computed separately from re-
spondents in 2008–12 and in 2013–18 are strongly correlated with one an-
other once counties with few respondents are ignored (r 5 0:84).
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Table 2 reports the Pearson correlations between moral values and var-
ious individual characteristics in the nationally representative Research
Now survey. The relative importance of universalist values is essentially
uncorrelated with an experimentally validated surveymeasure of altruism
(Falk et al. 2018) and educational attainment (measured in six categories),
though the latter correlation becomes positive once income is controlled
for. In addition, universalist values are negatively correlated with income
(11 brackets), age, being male, religiosity (11-point scale), and low popu-
lation density. In total, the variables listed in table 2 explain about 11% of
the variation in the moral values index.
Investigating correlations at the county level allows for the linkage of

moral values to variables for which individual-level data are difficult to
obtain (such as racism) and to variables that capture the broader local
economic environment. Online table 24 (app. E) shows the correlations
between the county-level relative importance of universalist moral values
and (i) the unemployment rate, (ii) median income, (iii) local popula-
tion density, (iv) the fraction of the population that is religious, and (v) the
racism index of Stephens-Davidowitz (2014). Again, the strongest corre-
late of the structure of moral values conditional on state fixed effects is
localpopulationdensity (r 5 0:11).Thecorrelationswith incomeandun-
employment rates are tiny in magnitude, and I can rule out correlations
larger than r 5 0:06.
The usually weak correlations between the index of moral values and

other variables are not meant to imply that moral values do not matter
for anything other than voting or to make causal claims about howmoral
values are formed. Instead, I take the lack of strong correlations as encour-
aging evidence that (i) moral values pick up new and hitherto potentially
unexplained variation and (ii) a number of important economic variables
are unlikely to induce severe endogeneity concerns because they are un-
correlated with the structure of moral values.
C. Supply-Side Text Analyses: Methodology and Data
Methodology.—Politicians’moral types are latent. I estimate these typesusing
data on political rhetoric by implementing a simple word count exercise
that is based on the keywords in the MFD. I construct a continuous sum-
mary statistic of the relative frequency of universalist versus communal
moral terminology that closely corresponds to themeasure of the relative
importance of universalist values developed above. The construction of
this summary statistic needs to account for two types of imbalances within
the MFD. First, the dictionary contains more words for some MFQ foun-
dations than for others. Second, morality can be referred to in terminol-
ogy that focuses on either virtue (“A is loyal”) or vice (“Bbetrays”), and the
fraction of MFD words within a given foundation that refers to virtues or
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vices is not constant across values. This issue is potentially problematic
because politicians might speak about morality in different ways.
To account for these imbalances, the index of the relative frequency

of universalist moral terminology is computed using the following
procedure:

1. Count the frequency of each moral keyword.
2. Compute the average frequency across keywords for each moral

foundation, separately for vice terms and virtue terms.
3. Compute the average frequency across vices and virtues for each

foundation.

Denote by N v
f the number of vice words for foundation f in the MFD

and by Nm
f the number of virtue words for foundation f. Further denote

by nz the frequency of word z in a text. The summary statistic is then given
by

Relative frequency of  universal terminology

5
Care 1 Fairness 2 In-group 2 Authority

Total number of  non-stop words
,

(16)

where

f 5
1=N v

f oN v
f

z51nz 1 1=N m
f oNm

f

z51nz

2
: (17)

In words, the value for foundation f is computed by computing sepa-
rately the average frequency of vice words of foundation f in the MFD
and the average frequency of virtue words of foundation f in the MFD
and then averaging these two average frequencies. This summary statistic
is a direct analog of the index of the relative importance of universalist
values on the demand side in equation (13), normalized by text length.
Below, I will occasionally also make use of measures of the absolute fre-

quency of universalist and communalmoral terminology, respectively. To
construct thesemeasures, I follow the same procedure as outlined above,
except that the numerator in equation (16) is not given by the difference
between universalist and communal rhetoric but, rather, by the sum of
the MFQ foundations Care and Fairness or by the sum of In-group and
Authority.
Data.—To analyze variation in political language across parties, the

methodology described above was applied to speeches delivered in the
US Congress. For this analysis, I work with data from the text of the US
Congressional Record that was made publicly available in a cleaned form
by Gentzkow, Shapiro, and Taddy (2019); see appendix I. I restructured
these data such that an observation corresponds to all words publicly ut-
tered by a politician on a given date.
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To classify individual candidates in presidential elections, the analysis
makes use of data on political rhetoric during presidential campaigns
from the APP at the University of California, Santa Barbara (Peters and
Woolley 2017). The data contain campaign speeches, official statements,
press releases, debates, and speeches at fundraisers by Republican and
Democratic contenders for the presidency since 2008.7 The APP draws
primarily on materials posted on candidate websites. In total, the data
cover 45 candidates and 16,698 campaign documents, with an average
length of 671 words.8 In the analysis, each observation is a campaign doc-
ument.9 Because the documents exhibit significant variation in length,
the moral content of these documents is measured with differential pre-
cision. Following Dickens (1990) and Solon, Haider, and Wooldridge
(2015), I perform heteroscedasticity diagnostics that strongly reject ho-
moscedasticity as a function of text length.10 The analysis hence weights
each document by the square root of the total number of non-stop words.
IV. Supply Side: Moral Values in Political Rhetoric
This section derives the predictions for the demand-side analysis by esti-
mating the moral types of both individual politicians and party averages
(vj and �vj in the framework in sec. II).
A. Cross-Party Variation in Morality
To estimate the moral types of political parties, I make use of rich text
data on political speeches from the US Congress. Figure 2 illustrates the
results from computing the relative frequency of universalist versus com-
munalmoral terminology in speeches in 5-year intervals in the post–World
7 Coverage is sparse for 2004 and nonexistent for 2000.
8 To prepare the data for text analysis, the following steps are applied: (i) manually

check the debate documents for any errors or inconsistencies; (ii) delete words between
parentheses, as they typically provide information that was not delivered during the
speech; (iii) strip out all punctuation; and (iv) delete all stop words—i.e., frequent words
that convey very little content.

9 To verify the validity of the summary statistic of moral language in the APP data, I con-
duct two tests. First, for each politician, I compute the relative frequency of universalist lan-
guage, averaged separately across all documents (i) in the year of the election and (ii) in
the previous year. When I restrict attention to politicians with at least 100 documents in
either year, the correlation between first and second campaign year is r 5 0:88. Second,
I split each campaign document at the midpoint and correlate the resulting indexes of
the relative frequency of universalist moral language. When we restrict attention to those
document halves that have at least 100 non-stop words each, the correlation is r 5 0:52.

10 Specifically, as recommended by Solon, Haider, and Wooldridge (2015), I assess the
necessity of implementing weighted least squares as follows. First, compute residuals from
an ordinary least squares (OLS) regression of the relative frequency of universalist rhetoric
on a Trump indicator. Second, regress the squared residuals on the inverse of the number
of words in a document. The significance of the t-ratio for the coefficient indicates whether
weighting is called for. In my application, the t-statistic is 12.
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War II period.Three trends standout. First, across bothparties, the relative
frequency of universalist moral rhetoric experienced a long and steady in-
crease between the mid-1960s and 2000. The starting point of this trend is
intuitively plausible (e.g., recall that the US Civil Rights Act was passed in
1964). In quantitative terms, political language became about 40% of a
standard deviation more universalist in this period. Online figure 3 shows
that this increase in the relative frequency of universalist over communal
language is driven largely by an increase in the absolute frequency of uni-
versalist words.11 Second, over roughly the same period, Democrats and
Republicans polarized in their moral appeal. While politicians from both
parties became increasingly universalist in their expressed values, this trend
was substantially more pronounced amongDemocrats.12 Third, the relative
FIG. 2.—Relative frequency of universalist versus communal moral rhetoric in the US
Congress, 1945–2016. The solid line plots the average relative frequency of universalist
rhetoric across all speeches by Republicans, along with standard error bars (clustered at
the candidate level). The dashed line represents the relative frequency of universalist ter-
minology among Democrats. The year of observation of each speech is rounded to the
nearest multiple of five. The relative frequency of universalist moral rhetoric is a z-score
multiplied by 100, where the z-score is computed at the level of separate speeches.
11 Online tables 31–34 (app. H) provide the 15 most common words in the US Congress
speeches data set, separately for (i) all years, (ii) 1955–65, (iii) 1995–2005, and (iv) since
2010. Appendix sec. H.3 presents the set of MFD words whose usage has changed by the
largest margin between 1950 and 2010.

12 The Civil Rights Act and the associated Democratic “loss of the South” (Kuziemko and
Washington 2018) may be one expression of this more general shift in the relative empha-
sis on different types of morality.
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frequency of communal language experienced a substantial rebound start-
ing in the early 2000s, a trend that is visible for both parties and continues
to this date. We will return to the observation of decreases in universalist
morality (and increasing differences betweenRepublicans andDemocrats)
in section VIII. Still, the key insight for the demand-side analysis is that, on
average, Republicanpoliticians tend tobemore communal thanDemocratic
ones.
B. Classifying Individual Presidential Candidates
Next, I turn to classifying individual candidates to estimate vj. Figure 3 il-
lustrates themoral appeal of the 2008–16 presidential candidates by plot-
ting the average relative frequency of universalist terminology by (sets of)
candidate(s) in the APP project data. In this figure, the document-level
summary statistic of universalist versus communal language is standardized
FIG. 3.—Relative frequency of universalist versus communal moral terminology in the
primaries. The bars depict the estimates (±1 SE) for the candidate fixed effects in an
OLS regression of the relative frequency of universalist terminology in a campaign docu-
ment on candidate (or candidate group) fixed effects, controlling for document type fixed
effects and campaign day fixed effects (where the first campaign day is defined as January 1
of the year before the respective election). The omitted category is Obama in 2012. As in
the regressions in table 3, each document is weighted by the square root of the total num-
ber of non-stop words. The index of the relative frequency of universalist moral rhetoric is
standardized into a z-score and multiplied by 100. The sample is restricted to campaign
documents from during the primaries, where for Obama in 2012 this is defined as during
the Republican primaries.
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into a z-score and multiplied by 100, so that the X-axis can be interpreted
as a percentage of a standarddeviation. For reasons that will become clear
below, this figure is constructed only from campaign documents that
stem from the time periods of the primaries.
Two aspects stand out. First, the figure confirms the cross-party differ-

ences established above: on average, Republican politicians are less uni-
versalist (more communal) than Democrats. Second, there is significant
heterogeneity also across politicians from the same party. In particular,
Trump has a strong communal moral appeal relative to three comparison
sets that are relevant in light of the framework in section II: (i) Trump is
less universalist relative to Clinton in 2016, (ii) Trump is less universalist
than the average competitor in the 2016 GOP primaries (and in fact the
least universalist candidate in the set of serious competitors Cruz, Kasich,
and Rubio), and (iii) the difference in moral appeal between Trump
and Clinton is substantially larger than that between Romney and Obama
or between McCain and Obama, respectively. Slightly more formally,
vClinton 2 vTrump > ðvObama12 2 vRomney 1 vObama08 2 vMcCainÞ=2.13
Looking at other election years, we see that, in 2012, Obama was slightly

more universalist than Romney. Given that the Democratic party is also
more universalist than the Republican party, on average, this predicts that
voting for Obama versus Romney should be positively correlated with the
relative importance of universalist values. On the other hand, in 2008,
Obama was less universalist than McCain. Thus, in the absence of specific
assumptions on themagnitude of a in the framework in section II, we can-
not generate a prediction about how moral values should be related to
voting for Obama versus McCain.
Restricting figure 3 to the primaries has the appealing feature that it

makes all candidates comparable. Including data from the period of the
general election has the potential drawback that some candidates com-
peted only in the primaries and hence perhaps responded to their intra-
party competition to a greater degree than those politicians who turned
out to be presidential nominees.While not part of the framework laid out
in section II, itmay be of interest to investigate howmoral rhetoric evolves
in the course of the 2016 election season. This is done in figure 4.14 The
relative frequency of universalist moral rhetoric at a given point in time is
computed using a k 5 120 nearest neighbor algorithm—that is, based on
the 120 campaign documents closest to a given date.
Confirming the results from above, the figure shows that Trump’s

moral language is initially very communal. However, this changes substan-
tially aroundwhenhe wins theRepublican primaries; that is, his language
13 Online figs. 6 and 7 break these patterns down into the absolute frequency of univer-
salist and communal moral terminology.

14 Online fig. 8 shows the trends for candidates other than Trump and Clinton.
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becomes much more universalist when Ted Cruz drops out. Similarly,
Clinton’s language exhibits a jump in communal appeal when she wins
the Democratic nomination. While these patterns are neither predicted
nor ruled out by the model, they may still be of interest. For example, a
potential (post hoc) explanation of these trends is that they may reflect
politicians’ understanding that their marginal voter is more centrist in
the general election than in the primaries. If true, such a perspectivewould
suggest that at least part of the variation in moral appeal across politicians
is strategic.
Despite the fact that Trump becomes more universalist in his rhetoric

after theprimaries, he is also very communal on average—that is, in the full
set of campaign documents. To show this, online figure 4 replicates fig-
ure 3 based on all campaign documents.
Table 3 formally summarizes the results. Here the analysis includes

all campaign documents from both the primaries and the general elec-
tions. In the table, all variables except for binary ones are transformed
into z-scores.
FIG. 4.—Relative frequency of universalist versus communal moral terminology over the
course of the 2016 election season. The relative frequency of universalist moral rhetoric at
any given point in time is computed as the weighted average using a k 5 120 nearest neigh-
bor algorithm—that is, the 120 campaign documents closest to a given date. As in the re-
gressions, each document is weighted by the square root of the total number of non-stop
words. The vertical dashed line denotes the date on which Sanders dropped out of the pri-
maries as the last remaining competitor of Clinton; the date on which Cruz (Trump’s last
competitor) dropped out is marked on the X-axis. The index of the relative frequency of
universalist moral rhetoric is standardized into a z-score and multiplied by 100.
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Columns 1–3 of table 3 confirm that Trump’s language exhibits a low rel-
ative frequency of universalist moral terminology relative to the full set of
candidates. The binary Trump indicator suggests that Trump’s moral
rhetoric is about 17% of a standard deviation less universalist than that
of the average candidate. Among others, these analyses also control for
the overall emphasis on morality, measured by the frequency of all MFD
words combined.
Columns 4–6 directly develop the supply-side predictions for the demand-

side analyses below, as discussed in the framework in section II. For this
purpose, the analysis is restricted to various subsamples of interest. First,
column 4 confirms that Trump’s language is significantly less universalist
than that of Clinton. Second, column5 shows that the difference inmoral
appeal between Trump and Clinton is larger than that between other
pairs of presidential candidates. This is because the regression is restricted
to presidential nominees and includes both a Republican and year fixed
effects. Thus, the binary Trump indicator effectively corresponds to a
difference-in-differences-style interaction term between “Republican”
and “2016 election.” The coefficient hence shows that the difference in
moral appeal between Trump and Clinton is unusually large relative to
differences between Republicans and Democrats in earlier years. Finally,
column 6 documents that Trump’s language is also significantly less uni-
versalist than that of the average Republican contender in the 2016 prima-
ries. Indeed, online figure 6 documents that Trump is the least universalist
contender in the GOP primaries if one focuses on candidates who eventu-
ally garnered at least 5% of the popular vote (Cruz, Kasich, and Rubio).
Online tables 1 and 2 (app. C) analyze the absolute frequency of uni-

versalist and communal language, respectively. The results show that,
across most of the specifications shown in table 3, Trump exhibits both
(i) a lower absolute frequency of using universalist moral language and
(ii) a higher absolute frequency of employing communalmoral language
than the respective comparison sets. Thus, the patterns that are presented
in the main text do not rely on the procedure of differencing universalist
and communal terminology.
Combining the abstract predictions in section II with the results of the

text analysis, we are now in a position to state the following predictions
for the demand-side analysis of the 2016 election:
Observation 4. The importance that a voter assigns to universalist

relative to communal moral values is predicted to be negatively corre-
lated with the following:

1. Voting for Trump in the general election.
2. The difference between the propensity to vote for Trump and ear-

lier Republican presidential nominees in the general election.
3. Voting for Trump in the GOP primaries.
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Of course, analogs of these predictions can also be investigated for
politicians other than Trump. This is done in section VII.
V. Demand Side I: Individual-Level Evidence

A. Survey Design
I conducted a preregistered survey of N 5 4,011 Americans through Re-
search Now, a commercial market research internet panel. The preregis-
tration contains all dependent variables and the sample size.15 Research
Now recruited a stratified sample of respondents who are registered voters
and were born in or before 1989. The sample closely matches the US gen-
eral population along the following dimensions: age, gender, educational
attainment, income, race, employment status, and state of residence. Ap-
pendix section D.1 describes the sample characteristics in detail.
To avoid priming effects, the survey was not described as a study about

voting or elections. Rather, respondents were asked only to complete
questionnaires. The survey contained (i) the full set of MFQ items;
(ii) questions to elicit who respondents voted for in the 2008, 2012, and
2016 presidential elections as well as the 2016 primaries; (iii) an additional
preregistered outcome variable specified below; and (iv) a wide range of
covariates. The survey was structured such that respondents first com-
pleted the MFQ and then provided answers to additional questions, in-
cluding about their past voting behavior. Respondents received email
invitations to participate in the survey. After clicking on a link, respon-
dents were routed through a set of screening questions to stratify the sam-
ple. Responses were collected between September 20 and October 17,
2017.
As detailed in the hypotheses in sections II and IV, the dependent var-

iables of interest are (i) whether the respondent voted for Trump in the
2016 presidential election, (ii) the difference in the propensity to vote
for Trump and prior Republican presidential candidates (Romney and
McCain), and (iii) whether the respondent voted for Trump in the 2016
Republican primaries. All of these variables were preregistered.16 The anal-
ysis links these outcome variables to the relative importance of universalist
values, which is constructed as described in section III.B.
15 See http://egap.org/registration/2849. The preregistration specified a sample size of
N 5 4,000. The surplus reflects respondents who started the survey before number 4,000
finished.

16 Online table 8 (app. D) presents an analysis of the relationship between moral values
and changes in turnout in the presidential election between 2016 and prior elections. This
analysis was not preregistered and is not part of the conceptual framework laid out in sec. II.
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B. Covariates
Previous work in political economy has established the importance of a
variety of economic and social factors for voting behavior and attitudes
toward redistribution. Thus, many specifications will control for a host
of covariates. Naturally, because of logistical constraints, it was not feasi-
ble for me to include in the survey the entire set of variables that have
been deemed relevant in the literature. In addition, “controlling” for
individual-level characteristics potentially entails the risk of misspecifica-
tion because those very characteristics may ultimately generate the vari-
ation in morality that is the object of interest in this paper. For example,
it is conceivable that age or religiosity matter for voting at least partly
because they generate a particular type of morality. Thus, analyses involv-
ing covariates are best viewed as sensitivity checks.
The analysis of covariates proceeds in two steps. In a first step, I pick

covariates by largely following a recent survey paper on the correlates
of attitudes toward redistribution (Alesina and Giuliano 2011). This set
includes the following variables: age, gender, race (six categories), em-
ployment status, educational attainment (six categories), religious denom-
ination (10 categories), and income bracket (10 categories).17 In addition
to these variables from Alesina and Giuliano’s overview paper, I also elic-
ited occupation (11 categories), local population density (computed from
respondents’ ZIP codes), and established survey measures of altruism and
generalized trust as more traditional social variables, as well as state and
county of residence.18 Finally, I also control for the absolute value of the
relative importance of universalist versus communal values. It is worth
pointing out that this vector of controls is at least as, if not more, com-
prehensive than in related recent contributions to the literature (e.g.,
Ortoleva and Snowberg 2015; Fisman, Jakiela, and Kariv 2017).
In a second step of the analysis, I benchmark the results on moral val-

ues explicitly against variables that have previously been identified as im-
portant drivers of voting decisions: political conservatism, income, edu-
cation, religiosity, and population density.
C. Results
Table 4 summarizes the results of various OLS regressions. For each de-
pendent variable, I present three specifications: (i) an analysis that intro-
duces universalist and communal values separately, (ii) a regression that
17 Unlike Alesina and Giuliano (2011), I do not have access to data on marital status, re-
spondents’ own experienced social mobility relative to their parents, the respondent’s per-
ception of whether effort or luck matters for success in life, and the presence of macroeco-
nomic shocks in their region of residence during ages 18–25.

18 See app. I for a description of the covariates.
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uses the main measure of the relative importance of universalist versus
communal values, and (iii) a specification with the baseline set of con-
trols discussed above: year of birth fixed effects, gender, race fixed effects,
employment status, educational attainment fixed effects, religious de-
nomination fixed effects, income bracket fixed effects, occupation fixed
effects, local population density, altruism, generalized trust, and the ab-
solute value of the moral values index. Each specification includes state
fixed effects for comparability because in the primaries the set of candi-
dates differs across states.19

Column 1 documents that universalist and communal values are corre-
lated with voting for Trump in the 2016 presidential election in opposite
directions. A higher absolute emphasis placed on universalist values is
negative related to voting for Trump, while a higher emphasis placed
on communal values is positively correlated with voting for him (both
measures are standardized into z-scores for ease of interpretation). Note
that there is nothing mechanical about the construction of the universal-
ist and communal values measures that would generate this pattern, as
they are constructed from separate survey questions. Column 2 combines
the separate moral values measures into themain explanatory variable in
this paper, the relative importance of universalist versus communal val-
ues, which is also standardized into a z-score. The quantitative magnitude
of the regression coefficient suggests that an increase in the relative im-
portance placed on universalist values by 1 standard deviation is related
to an increase in the probability of voting for Trump of 21 percentage
points. Here the moral values measure alone explains 20% of the varia-
tion in voting behavior. Column 3 adds controls and shows that the rela-
tive importance of universalist values is strongly negatively related to vot-
ing for Trump conditional on this large vector of controls.
Just like columns 1–3 show that voting for Trump versus Clinton is neg-

atively related to the relative importance of universalist values—as pre-
dicted by the text analysis—online table 9 (app. D) shows that voting
for Romney versus Obama in the 2012 general election is likewise nega-
tively correlated with the relative importance of universalist values. Again,
this pattern is predicted by the text analysis. The relative importance of
universalist values is also strongly negatively correlated with a respondent’s
propensity to vote for McCain rather than Obama in the 2008 general
election. This pattern is neither predicted nor ruled out by the concep-
tual framework and the text analysis. As discussed above, the reason is that
McCain is classified asmore universalist thanObama, but the Republican
average is more communal than the Democratic average. Hence, in the
absence of specific assumptions on g, the framework does not generate
19 Still, the results are almost identical without state fixed effects; see online table 6 (app. D).
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an unambiguous prediction. Section VII returns to a detailed study of can-
didates other than Trump.
While columns 1–3 of table 4 study voting Republican versus voting

Democratic, columns 4–9 explicitly turn to studying within-party variation,
both over time in the general election and in the primaries. Columns 4–6
document that universalist moral values are also significantly negatively re-
lated to the difference between voting for Trump and past Republican
presidential candidates (Romney and McCain) in the general election.20

As discussed in section II, the intuitive logic behind this regression is that
it takes out the level effect of being Republican in the first place, just like
the text analysis showed that Trump ismore communal in hismoral appeal
than past Republican presidential candidates. In these regressions, we ob-
serve a pattern similar to that in columns 1–3: the absolute importance that
respondents place on universalist values is negatively correlated and the
importance placed on communal values positively correlated with voting
forTrump, relative to past Republican nominees.Moreover, the statistically
significant coefficient of the combined measure of the relative impor-
tance of universalist values is robust to including the vector of controls dis-
cussed above; see column 6.
In an identical fashion, columns 7–9 show thatmoral values are likewise

related to voting for Trump in the GOP primaries. Quantitatively, an in-
crease in the relative importance of universalistmoral values by 1 standard
deviation is associated with a decrease in voting for Trump in the primar-
ies of about 10 percentage points.21

As noted above, discussing coefficient stability across regression speci-
fications is not necessarily meaningful because some of the controls (e.g.,
age, population density, or religious denomination) couldmatter for vot-
ing precisely because they shape moral values, which in turn drive voting
decisions. For instance, sociologists and anthropologists have long written
about the idea that living in small-scale communities induces a communal
20 This variable is constructed by generating binary variables for Trump, Romney, and
McCain, each of which assumes a value of 100 if the respondent voted for the respective
candidate in the corresponding presidential election and a value of 0 if they voted for a
different candidate. The dependent variable of interest is then computed as the difference
between the binary Trump variable and the average of the corresponding Romney and
McCain variables. In online table 7 (app. D), I verify that very similar results hold if I in-
stead code a three-step variable for each candidate that assumes a value of 50 if the respon-
dent did not vote in the relevant election. Similar results hold if I code “I don’t remember”
as 50.

21 In the survey, “too many” respondents report to have voted for a third candidate
(8.6% vis-à-vis 5.7% in the election). Such a pattern would be expected if some respon-
dents clicked randomly. Appendix sec. D.7 replicates the analysis in table 4, separately
for each of the 24 survey items from which the MFQ foundations are derived. The results
document that 63 out of 72 regression coefficients have the expected sign—i.e., negative
for items that underlie care/harm and fairness/reciprocity and positive for items that un-
derlie in-group/loyalty and authority/respect. Of these 63 items, 53 are statistically signif-
icant at least at the 10% level.
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morality (Henrich et al. 2010; Norenzayan et al. 2016; Wuthnow 2018).
Thus, the thought experiment of “changing moral values while holding
observables constant”may not be a sensible one, which is why I view regres-
sions with an extensive set of controlsmore as sensitivity checks than as rep-
resentations of the likely true causal model that generates the data. None-
theless, for completeness, I report Oster’s (2019) d as a measure of how
much unobservables would have to bias the coefficient ofmoral values, rel-
ative to the “bias” that is introduced by ignoring the large set of observables
in table 4. Going from column 1 to column 3, we get d 5 0:4. Going from
column4 to column6,we get d 5 0:1, andgoing fromcolumn7 to column
9 we get d 5 0:6. Thus, for example, for the true coefficient in column 1 to
be zero, unobservables would have to bias the coefficient estimate 40% as
much as the vector of observables. While these numbers are low, I empha-
size that the full specifications in columns 3, 6, and 9 include variables that
plausibly cause some of the variation in moral values themselves.
To visualize the relationship betweenmoral values and voting behavior,

I compute average moral values across groups of respondents who ex-
hibit a certain voting pattern. This is done in figure 5. Figure 5A focuses
on voting in the 2016 presidential election, conditioned by voting in the
2012 election. For instance, the first bar shows the average relative impor-
tance of universalist moral values of respondents who voted forObama in
2012 and for Clinton in 2016. Likewise, the third bar shows the average
values of respondents who voted for Clinton in 2016 and voted for nei-
ther Obama nor Romney in 2012. The figure documents a clear pattern:
conditional on voting behavior in 2012, Trump voters consistently place a
lower emphasis on universalist relative to communal concepts in their
morality than Clinton voters.
Figure 5B follows the same logic but focuses on variation within the 2016

Republican primaries, conditional on a given voting pattern in the 2012
presidential election. Again, Trump voters consistently exhibit a weaker
emphasis on universalist moral values than those who voted for other GOP
candidates.22
D. Benchmarking against Traditional Variables
To provide a benchmark for the relationship between moral values and
voting behavior, I now introduce a set of covariates that has previously
22 To provide direct evidence for the extent to which concepts such as in-group loyalty
are of importance to voters relative to abstract economic and social policies, the survey con-
tained an additional preregistered outcome variable. This survey item asks respondents
which of two aspects is more important for their evaluation of Trump: (i) the extent to
which Trump shows loyalty to his supporters and does not betray the respondent’s commu-
nity or (ii) Trump’s economic and social policies, such as his impact on the unemployment
rate. Universalist moral values exhibit a correlation of r 5 20:13 (p < :01) with the extent
to which voters evaluate Trump on the basis of loyalty as opposed to his economic policies.



FIG. 5.—Moral values by type of voter. The bar graph depicts the average relative impor-
tance of universalist moral values of all respondents who report a given voting pattern
(±1 SE). Panel A focuses on voting behavior in the 2016 presidential election, conditioned by
voting in the 2012 presidential election. Here the first bar corresponds to voters who voted
Democratic in both presidential elections, the second bar corresponds to voting for Obama
and voting for Trump, and so forth. The group “Other” includes respondents who voted for
a third candidate, did not vote, or do not remember who they voted for (in 2012). Panel B
follows an analogous logic, except that here groups are partitioned by their voting pattern
in the 2016 GOP primaries, conditioned by voting in the 2012 presidential election. For ex-
ample, the first bar corresponds to voters who voted for Obama in 2012 and for a candidate
other than Trump in the 2016 GOP primaries. The difference in overall sample size be-
tween panel A and column 1 of table 4 reflects respondents who voted for a third candidate
in 2016.
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been shown to be predictive of voting behavior. This set includes both so-
cial and economic variables. I work with (i) a summary statistic of political
liberalism versus conservatism that aggregates political views toward the
size of government, gun control, crime policies, and environmentalism
using 13 questions from the Cooperative Congressional Election Study;
(ii) religiosity (measured on an 11-point scale); (iii) local population den-
sity as constructed from respondents’ ZIP codes; (iv) a self-reported mea-
sure of annual pretax household income;23 and (v) educational attainment.
The objective of this section is to document that moral values have ex-

planatory power for voting behavior (in a statistical sense) above and be-
yond the aforementioned “benchmarking” variables as well as the vector
of controls that I used in the preceding section. In these types of analyses,
there exists a trade-off between controlling for too few variables (omitted
variable bias) and too many covariates (because a potential causal effect
of, e.g., population density could operate through moral values). Thus,
for each dependent variable, I present three specifications. First, a spec-
ification that controls for all benchmarking variables as well as state fixed
effects. Second, a large kitchen sink regression in which I control for
all benchmarking variables, all covariates from section V.C, and county
fixed effects. The third specification follows a post-double-selection (PDS,
also known as “double lasso”) methodology (Belloni, Chernozhukov,
and Hansen 2014) to select the “right” set of controls from the high-
dimensional control vector.24

Table 5 presents the regression results. For ease of interpretation, all
explanatory variables are standardized into z-scores. Column 1 confirms
that all benchmarking variables are significantly related to voting for
Trump versus Clinton with well-known signs: the religious, people with
more conservative policy views, those with higher income, and people
from rural areas are more likely to vote Republican. At the same time, the
coefficient of the relative importance of universalist moral values remains
large and statistically highly significant in this specification. As shown
in columns 2 and 3, similar results hold when I additionally control for
1,079 county fixed effects and the full vector of additional controls that
I introduced in section V.C. These results hold in both OLS and PDS re-
gressions. In these analyses, the moral values index alone explains about
23 Appendix sec. D.8 discusses a robustness check, in which I instead work with an esti-
mate of lifetime income.

24 This procedure proceeds in three steps. First, implement two separate lasso regres-
sions: the outcome variable on the vector of controls and the moral values index on the
vector of controls. In these regressions, the lasso estimator achieves a sparse solution—
i.e., most coefficients are set to zero. Second, define the appropriate set of controls as the
union of the controls with nonzero coefficients in the two regressions. Third, regress the out-
come variable on the moral values index, controlling for this selected vector of controls.
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26% of the variation in voting behavior, while the full set of bench-
marking variables jointly explains 24% of the variation.
Columns 4–6 and 7–9 follow an analogous logic, except that these re-

gressions again leverage within-party variation, either over time or in the
primaries. In columns 4–6, the dependent variable is the difference be-
tween the propensity to vote for Trump in 2016 and the average pro-
pensity to vote for Romney andMcCain in the general elections. In these
regressions, the relative importance of universalist moral values is con-
sistently strongly negatively related to the propensity to vote for Trump,
relative to earlier Republican presidential nominees. Interestingly, the
standard variables that are typically associated with voting Republican ver-
sus Democratic (conservative policy views, income, population density,
and religiosity) are individually only weakly, if at all, predictive of the ex-
tent to which voters switch toward or away from voting Republican in
2016. Here the R 2 of the moral values index alone is 1%, while that of
the full set of benchmarking variables is 2%.
Very similar results hold in the analysis of the GOP primaries; see col-

umns 7–9. Again, the coefficient of the relative importance of universalist
moral values remains statistically highly significant and comparable in
size to the earlier analyses, even when all benchmarking variables and
the vector of controls are included. Here theR 2 of themoral values index
alone is 3%, while that of the full set of benchmarking variables is 5%.25

In summary, the structure of moral values is consistently related to vot-
ing for Trump, in both cross-party and within-party comparisons. Other
variables that have previously been identified to be predictive of voting
Republican versus Democratic, on the other hand, are correlated with
voting for Trump relative to Clinton but not in within-party analyses. This
suggests that traditional variables largely capture across-party variation in
political leanings, whereasmoral values also capturemorenuancedwithin-
party variation in ways that are predicted by supply-side text analyses.
VI. Demand Side II: County-Level Evidence

A. Baseline Results
The individual-level analysis is complemented by a county-level analysis.
These modes of analysis exhibit different strengths and weaknesses: the
tailored internet survey features rich individual-level data and a represen-
tative sample but has to make do with self-reported voting decisions. The
25 A potential concern is that these variables are measured with more error than moral
values. Appendix sec. D.6 investigates this issue. Following Gillen, Snowberg, and Yariv
(2015), I make use of multiple measurements for each variable and instrument the mea-
sures with each other to eliminate attenuation bias. The results of these instrumental var-
iable (IV) regressions are very similar to those reported in table 5.
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county-level analysis, on the other hand, builds on a different, nonrepre-
sentative data set on moral values but makes use of official voting rec-
ords.26 Perhaps most importantly, in the next section, the county-level
analysis allows for the scope of the analysis to be extended to all candi-
dates who have competed for the presidency since 2008.
This section proceeds in the same fashion as the individual-level anal-

ysis by testing the three predictions regarding Trump outlined in sec-
tion IV. Table 6 reports the results. The county-level average relative impor-
tance of universalist versus communal moral values is strongly negatively
correlated with Trump’s vote share in the presidential election (the raw
correlation is r 5 0:31). As column 2 shows, this result holds conditional
on median household income, unemployment rates, local population
density, the share of religious people, the local racism index developed
by Stephens-Davidowitz (2014), the absolute value of the moral values in-
dex, and geographical controls.27

While columns 1 and 2 include state fixed effects, the regressions in
columns 3 and 4 exploit variation within more narrowly defined geo-
graphical units. In column 3, the analysis includes 595 commuting zone
fixed effects. Column 4 provides an even more conservative estimation
that includes fixed effects for core-based statistical areas (CBSAs). A CBSA
is a geographic area that consists of one or more counties anchored by
an urban center. Again, moral values remain a significant correlate of
Trump’s vote share.
Columns 5–8 document that universalist moral values are also nega-

tively correlated with the difference between the vote share for Trump
and the average share of votes garnered by GOP candidates in 2000–
2012. Finally, columns 9–12 extend the analysis to the GOP primaries.
Again, Trump’s vote share is consistently related to moral values, within
states, commuting zones, and CBSAs. The partial correlation—condi-
tional on state fixed effects—between the relative importance of univer-
salist moral values and the dependent variables in columns 1, 5, and 9 is
20.22, 20.12, and 20.09, respectively.28

In summary, the county-level analysis delivers patterns similar to those
of the individual-level analysis. These patterns closely correspond to the
26 The county-level voting data stem from “Dave Leip’s Atlas of U.S. Presidential Elec-
tions” (Leip 2004).

27 Appendix I describes all covariates and their sources in detail.
28 Online table 25 (app. E) replicates table 6 using the common sample for which the

CBSA dummy is not missing. Online table 26 (app. E) breaks these patterns down into
the absolute importance placed on universalist and communal values, respectively. The re-
sults show that county-level communal values are always positively correlated with voting
for Trump. The coefficient of the absolute importance of universalist values is sometimes
positive and sometimes negative, but it is always more negative than the coefficient of com-
munal values.
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predictions from the conceptual framework in section II and the text
analysis in section IV.29
B. Priming?
It is conceivable that the correlation between Trump votes andmoral val-
ues reflects only a “priming effect,” according to which Trump primed
voters with a particular type of moral language (potentially differentially
across counties), which then in turn affected how voters responded to the
MFQ. To investigate whether this is a plausible account of the results, I
make use of the time variation in the MFQ data: many respondents on
YourMorals.org completed the MFQ before Trump even became politi-
cally active. Thus, I proceed by presenting IV estimates that relate the
2016 election outcomes to themoral values ofMFQ respondents between
2013 and 2018, instrumented by the moral values of MFQ respondents
between 2008 and 2012. This addresses the issue of priming effects be-
cause the structure of moral values in the past is unlikely to have been af-
fected by Trump. At the same time, it is important to point out that these
IV regressions do not (and are not intended to) cleanly identify causal ef-
fects; they rule out only reverse causality from Trump’s language to mea-
sured moral values, not other potential endogeneity concerns.
Table 7 presents the results of the second-stage regressions. Through-

out, the IV coefficients are sizable and statistically significant.30 This
shows that the cross-sectional heterogeneity that is correlated with voting
for Trump already existed before Trump became politically active, so
that, at least to some extent, Trump seems to have tapped into preexisting
moral convictions.
VII. Estimating the Model: 2008–16
If the methodology of connecting demand- and supply-side analyses of
morality developed in this paper is meaningful more generally, then it
should also be able to explain voting patterns for candidates other than
Trump. This section hence extends the analysis to 2008–16. The set of can-
didates includes those 16 politicians in the Republican and Democratic
29 Online table 28 (app. E) studies the relationship between county-level values and
changes in turnout relative to previous election years, both in the general election and in
the GOP primaries. The relative importance of universalist moral values is consistently neg-
atively related to increases in voter turnout. Thus, as in the individual-level analysis, it
appears as thoughmoral values are linked toboth turnout and voting conditional on turnout.

30 The IV coefficients are substantially larger than their OLS counterparts. This is indic-
ative of attenuation bias in the moral values variable, perhaps because the shrinkage pro-
cedure does not fully account for the sometimes small number of respondents in a county
and resulting measurement error.
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primaries who received at least 5% of the popular vote. Given the small
number of candidates, this analysis should naturally be seen as tentative.
The analysis focuses on county-level variation because individual-level sur-
veys of the relationship between moral values and voting would have to
have a very large number of respondents to be sufficiently powered to an-
alyze candidates with relatively small vote shares.
I begin by describing the analysis for the within-party competition in

the primaries. The analysis of the general elections will follow immediately
from this discussion. To structure the analysis, I return to the discrete
choice model in section II. Recall from equation (1) in section II that,
when all politicians are in the same party (and hence effectively g 5 1),
voter i’s utility from candidate j getting elected in race t is

ui,j ,t 5 2lðvi 2 vj,tÞ2 1 xihj ,t 1 ei,j ,t

5 2lv2j,t
|fflffl{zfflffl}

;aj,t

2 lv2i 1 2 lvj,t
|fflffl{zfflffl}

;bj,t

vi 1 xihj,t 1 ei,j ,t

5 aj,t 1 bj ,tvi 1 xihj ,t 1 ei,j,t :

(18)

As we will see below, the key observation here is that bj,t is linear and in-
creasing in the candidate’s type vj,t. If we impose the assumption that
ei,j,t ∼ T1EV , this discrete choice model can be directly translated into
an estimating equation at the county level, where the independent vari-
able is a candidate’s (normalized) vote share. Specifically, separately
TABLE 7
Moral Values and County-Level Voting Patterns: IV Estimates

Dependent Variable: Vote Shares

Presidential Election GOP Primaries

Trump
(1)

D (Trump – Average GOP)
(2)

Trump
(3)

Relative importance of universalist
vs. communal moral
values (2013–18) 215.0*** 23.03** 23.83**

(4.13) (1.35) (1.83)
State fixed effects Yes Yes Yes
Controls Yes Yes Yes
Observations 2,017 2,017 1,892
Note.—County-level IV estimates, with robust standard errors given in parentheses. The
table reports the second stage of IV regressions in which county-level moral values (mea-
sured between 2013 and 2018) are instrumented by county-level moral values measured
between 2008 and 2012. Both moral values variables are standardized into a z-score and
then shrunk toward the sample mean using the methodology outlined in sec. III.B.2. All
dependent variables are computed as in table 6. See table 6 for a list of the controls.
** p < .05.
*** p < .01.
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for each primary t, stack the data across candidates j and counties c. De-
note by w the candidate who won the popular vote in a given race. Then,
I relate a candidate’s county-level vote shares vc,j,t to the moral values in
county c:

lnðvc,j ,t 1 xÞ 2 lnðvc,w,t 1 xÞ 5 aj ,t 1 bj ,tvc 1 xchj ,t 1 uc,j ,w,t , (19)

where x 5 0:00001 (the smallest nonzero vote share). The parameter vc,w,t
represents the vote share in county c of the candidate whowon the popular
vote in t; this normalization is needed because we usually have more than
two candidates.31 The variable aj,t represents fixed effects for candidate j in
election t; bj,t represents candidate-election-specific coefficients on county-
level universalist moral values vc; and xc represents control variables (CBSA
or commuting zone fixed effects), interacted with candidate indicators.
The regression residual uc,j,w,t is specific to an observation, as defined by
county c, candidate j, winnerw, and race t. It is instructive to note the direct
correspondence between regression equation (19) and the utility function
in equation (18).
The outcome of interest is the vector of bj,t. Here, by construction, the

coefficient of the winner of the popular vote in the respective race is zero
and the coefficients of all other candidates are scaled relative to this value.
As noted above, the key observation here is that bj,t should be increas-
ing in vj,t, the candidate’s moral type. Intuitively, the more universalist a
candidate is, the larger (more positive) should be the relationship be-
tween that candidate’s vote share and the county-level relative impor-
tance of universalist moral values. In other words, this analysis is not
about the overall vote share of a politician but about how vote shares vary
across space as predicted by the text analysis.
To test this model prediction, we need to identify a candidate’s type vj,t

as relevant for the choice model—that is, relative to their direct compet-
itors in a given race. To do so, I estimate regressions analogous to those
for Trump in section IV:

lj,d,t 5 h 1 vnj ,tIj ,t 1 gxd 1 ej ,d,t  s:t: j ∈ St , (20)

where lj,d,t represents the relative frequency of universalist versus com-
munal moral rhetoric in campaign document d of candidate j in election
t, Ij,t is a dummy for candidate j in election t, xd represents document-level
controls (document type fixed effects and campaign day fixed effects),
and St represents the set of candidates who compete in race t. The object
of interest in the supply-side analysis is vnj ,t , which identifies how universal-
ist j is relative to their direct competitors in period t (i.e., a normalized
version of vj in the choice model).
31 This is always the resulting presidential nominee, except for the 2008 Democratic pri-
maries, where Clinton won the popular vote but not the nomination.
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Note that the entire preceding discussion is applicable not only to the
primaries but—with a slight twist—also to the general elections. Here we
have only two candidates per race and hence only cross-party variation
(hence only one b and one vn per race). However, analogously to the anal-
ysis of Trump in sections V and VI, we can compare the coefficient
magnitudes across elections and hence implicitly generate within-party
variation.32

Figure 6 plots the relationship between vnj,t and bj,t across candidates,
separately for each race. As discussed above, the choicemodel would pre-
dict that bj,t (on the Y-axis) is linear and increasing in vnj ,t (on the X-axis).
Figure 6A visualizes the results for the general elections. Figure 6B–6D
depict Republican primaries, and figure 6E and 6F depict Democratic
ones. While the number of candidates (or races) is too small to allow strong
conclusions, the patterns suggest that the model performs reasonably
well in explaining general elections and Republican primaries but less
well in the Democratic primaries.
In the panel for the general elections, the X-axis denotes the universal-

ist moral appeal of the Democratic candidate relative to their direct Re-
publican competitor. Here the difference in moral appeal is largest in
2016, followed by 2012 (Obama/Romney) and 2008 (Obama/McCain).
In line with this result on the supply side, the demand-side relationship
between moral values and vote shares (Y-axis) follows the same pattern.
As discussed above, in 2008 McCain was more universalist than Obama,
as can be inferred from the negative value on the X-axis. Still, universalist
voters on average vote forObama, as we can see from the positive value on
the Y-axis. As noted in section II, the conceptual framework does not
make a prediction about the Obama-McCain comparison because while
McCain is more universalist, Obama is a member of themore universalist
party. At the same time, the framework does generate a prediction about
how the 2008 Obama-McCain regression coefficients on the supply and
demand sides compare with the corresponding coefficients in 2012 and
2016. This is indeed what is plotted in figure 6A.
In the 2016 Republican primaries, the text analysis successfully pre-

dicts demand-side patterns not only for Trump but also for Cruz, Rubio,
and Kasich, although Kasich is a mild outlier. Rubio and Kasich are both
universalist in their moral rhetoric (relative to Trump and Cruz), and their
demand-side coefficients are indeed more positive than those of Trump
and Cruz.
In 2008 and 2012, the overall patterns are also encouraging. For ex-

ample, the text analysis identifies Ron Paul and McCain as universalist
32 The straightforward amendment of the estimating eq. (19) is that the dependent var-
iable is the log difference of the candidates’ vote shares, and the candidate fixed effects aj,t

get replaced by election fixed effects at.
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candidates in 2008, Gingrich as a universalist candidate in 2012, Huckabee
as a communal candidate in 2008, and Santorum as a communal candi-
date in 2012; and these text analysis predictions somewhat successfully
map onto corresponding demand-side patterns.
In the Democratic primaries, the patterns are considerably less consis-

tent with the model. In particular, the candidate for whom the supply- and
demand-side analyses do not nearly match up is Obama: his vote share is
FIG. 6.—Estimating the model. Each panel focuses on a separate race. The X-axis (sup-
ply side) denotes the relative moral appeal of a candidate, where higher values mean that a
candidate is more universalist—that is, vnj ,t in equation (20). The Y-axis (demand side) de-
notes the relative moral appeal of a candidate as a function of voters’ universalist moral-
ity—that is, bj,t in equation (19). Equation (19) is estimated with CBSA fixed effects. See
online figure 9 for the analogous figures estimated with commuting zone fixed effects. In-
tuitively, the higher the value on the Y-axis, the higher the correlation between a candi-
date’s vote share and the relative importance of universalist moral values.
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strongly positively correlated with universalist values even though—condi-
tional on being aDemocrat—he is relatively communal. The negative point
estimate of b ≈ 0:1 is about five times as large as that of any other candidate
in figure 6. In 2016, the demand-side coefficients for Clinton and Sanders
are very similar, despite a considerable difference in moral appeal. In sum-
mary, the model presented in this paper does not perform well in explain-
ing the results of the Democratic primaries.33
VIII. Moral Values and Voting over Time

A. Demand Side: Changes in Moral Values over Time
Thus far, the empirical analysis has treated demand-side moral values as
fixed over time. Yet, as documented by the time trend of moral language
in the US Congress, the relative importance of universalist versus com-
munal values does appear to fluctuate over time. Most notably for our pur-
poses, the text analysis suggests that communal moral language experi-
enced a significant increase since the early 2000s that also continued
throughout the 2010s, a trend that applies to both Republicans and
Democrats.
In fact, the MFQ data from YourMorals.org allow for an analysis of

whether the recent increase in communal language is mirrored on the
demand side because respondents completed the questionnaire starting
in 2008. Figure 7 computes the average relative importance of universalist
moral values separately for each year since 2008, partitioned by local
population density (computed from respondents’ ZIP codes). Since 2008,
the relative importance of a universalist morality steadily decreased by
about 3.5% of a standard deviation per year, on average.34 This pattern is
most pronounced in rural ZIP codes (defined as fewer than 250 inhabi-
tants per square kilometer), so that we observemoral polarization between
urban and rural areas. However, even areas with more than 2,000 inhabi-
tants per square kilometer (long-dashed line) become more communal
over time.
These patterns are noteworthy in that they suggest that the recent in-

crease in the importance that people place on communal over universalist
33 A potential post hoc explanation for these results is offered by Haidt (2012), who ar-
gues that conservatives and liberals not only care about which types of values they empha-
size but also how much they care about moral concepts. According to Haidt’s account, mo-
rality in general plays a more important role in the decision-making of conservatives than
in that of liberals.

34 These findings are conceptually distinct from but related to Gentzkow, Shapiro, and
Taddy’s (2019) finding that partisan language started increasing in the early 1990s, as well
as to recent studies of the cultural divide in the United States (Bertrand and Kamenica
2018; Desmet and Wacziarg 2018).
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values is not a “Trump effect” but instead a more long-lasting trend that
started at least in 2008 and probably earlier given the results from
the text analysis of congressional speeches (fig. 2).
B. Changes in Values and Changes in Voting Patterns
In a final step, I investigate the relationship between changes in moral
values and changes in vote shares in the general election over time. This
analysis is not a clean test of the model in section II but may nonetheless
be informative. The analysis exploits a difference-in-differences strategy
that relates county-level changes in moral values to changes in Republi-
can vote shares in the general election. For each year x ∈ f2008, 2012,
2016g, I compute the average relative importance of universalist values
in [x 2 1, x 1 2] (recall that elections take place late in year x). I then re-
gress county-level Republican vote shares in x on corresponding values,
controlling for county and election fixed effects. Thus, the regressions
pick up neither time-invariant cross-county differences nor location-
invariant time trends but only differential changes in values and vote
FIG. 7.—Relative importance of universalist versus communal moral values among
(N 5 198,077) respondents on YourMorals.org. The solid line plots the average relative fre-
quency of universalist moral values across respondents who live in ZIP codes with popula-
tion density below 250 inhabitants per squaremile. The long-dashed line plots respondents
in ZIP codes with more than 2,000 inhabitants per square mile. The short-dashed line rep-
resents intermediate cases. The relative importance of universalist moral values is a z-score
multiplied by 100.
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shares across space and time. County-level changes in moral values may
reflect either individual-level changes in moral values, changes in the
composition of the population because of selective migration, or both.
These difference-in-differences analyses are correlational in nature because
changes in county-level values over time need not be exogenous.
Table 8 reports the results.35 The results show that increases in the rel-

ative importance of universalist moral values are significantly related to
decreases in Republican vote shares. This result holds up when control-
ling for time-variant county characteristics (household income and the
unemployment rate).36
IX. Conclusion
Based on recent developments in moral psychology, this paper has devel-
oped a methodology for jointly studying the supply and demand sides
of moral values in voting contexts. The results document a rich pattern
that links heterogeneity in the structure of morality of both voters and
TABLE 8
Moral Values and County-Level Voting Patterns:

Difference-in-Differences Estimates

Dependent Variable:
GOP Vote Share in Year x

(1) (2)

Relative importance of universalist vs. communal moral
values (in years [x 2 1, x 1 2]) 2.24** 2.25**

(.11) (.11)
Log(median household income) 4.41**

(2.07)
Unemployment rate 2.40***

(.07)
County fixed effects Yes Yes
Election fixed effects Yes Yes
Observations 6,200 6,200
R 2 .96 .96
35 Online table 27 (app. E) reports the results for the sepa
ist and communal moral values.

36 Median household income and the local unemployme
American Community Surveys) are not available for 2008.
2009.
rate component

nt rate (both ta
I hence work w
Note.—County-level OLS panel estimates. Standard errors (in parentheses) are clus-
tered at the county level. The dependent variable is the GOP vote share in a given election
year, stacked across the general elections x ∈ f2008, 2012, 2016g. The independent variable
is the relative importance of universalist vs. communal moral values in [x 2 1, x 1 2].
** p < .05.
*** p < .01.
s of universal-

ken from the
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political candidates. To establish the importance of moral values for vot-
ing, the paper has followed two complementary paths. First, by focusing
on the most recent election and rich corresponding data, the analysis
shed light on the role of a universalist versus communal morality in polit-
ical rhetoric and voting behavior, while controlling for a rich set of covar-
iates and benchmarking the results against more traditional variables.
Second, by extending the analysis to other recent elections, I have shown
that the link between heterogeneity in morality and voting is not an arti-
fact of Trump alone but, rather, generalizes to different ways of examin-
ing political data.
This is a descriptive paper, and a perfect identification strategy is diffi-

cult to imagine given the nature of the research question. At the same
time, the breadth of the correlational results may provide encouraging
support for a causal interpretation: (i)moral values are strongly correlated
with voting for Trump in both the general election and the primaries,
at both the individual and the county level, conditional on a large set of
covariates; (ii) these patterns are predicted by a corresponding supply-
side analysis; (iii) the link between supply- and demand-side results ex-
tends to other candidates and elections; and (iv) similar results hold in
difference-in-differences analyses that leverage changes in moral values
over time.
The paper opens up at least four avenues for future research: (i) the

extent to which the findings extend beyondpresidential elections; (ii) their
applicability beyond the US context; (iii) the roots of variation in moral
values, both across space and over time; and (iv) the development of for-
mal models of communal and universalist moral values.
Regarding avenue ii, this paper has an interesting relationship to the

recent debate about voting patterns both in the United States and in Eu-
rope. Researchers and commentators have pointed to two interesting
facts: a strong rural-urban divide in voting and particularly pronounced
support for right-wing parties not among the very poor but among
working-class voters. A common narrative employed to rationalize these
stylized facts has been that working-class voters in rural areas have suf-
fered economically. However, while some commentators have attributed
the success of Trump and others to economic factors, other voices have
pointed out that, in voting for Trump, voters might actually have acted
against theirmaterial self-interest, hence raising the question of whichmo-
tives had ultimately underlain their voting decisions. Sociologists, on the
other hand, have long argued that morality plays a key role in understand-
ing these patterns, in particular because the rural working class exhibits a
high demand for a communal morality. Thus, a potential reconciliation
of these narratives is that voters did act in their self-interest, albeit from
a moral rather than an economic perspective. Indeed, in Enke et al. (2019),
we work with a utilitarian definition andmeasurement ofmoral universalism
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to document a tight connection between universalism and a broad spectrum
of policy views, in both the United States and western Europe.
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